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Background

. Task: Temporal Moment Localization with Natural Language (TML)
(also called Temporal Sentence Grounding (TSG)
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Query: She jumps and flips herself around and ends by jumping down with her arms up.
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2. 2D Map Representations for Proposal Features and Scores
» Originally from temporal adjacent maps in 2D-TAN [1]
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Motivation and Contribution

1. Boundary Matchingg and Refinement for
» Variable Boundary Proposals in 2D map based approaches
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Refined Variable Boundary Proposals
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BMRN: Boundary Matching and Refinement Network for Temporal Moment Localization
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2. Query Length-aware Proposal Feature Map
» Query length, which is inspired by the time span in STCM-Net [2]
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Experimental Results

» Effectiveness of Rank1@ Rank5@
1. BM and BR maps

VANCOUVER. CANADA

2’ Length Sim map 05(A) 07(A) 05(A) 0.7 (8)
Full BMRN 63.09 4246 9262  67.65
60.83 4054 8995  67.89
wioBMand BRmaps 5.6 (q02) (267) (0.24)
wio Length Sim map 4110 2325 8153 4855
g (-0.86) (-0.27) (-2.08) (-2.11)
» Comparisons with SOTA methods on TML benchmark datasets
Rank1 Rank5 Rank1 Rank5
Method @ @ Method @ @
05 07 05 07 05 07 05 07
LPNet EWNLP21 4094 2113 - - CMIN SGR1e 4340 23.88 67.95 50.73
DRN  CVPR2I 4540 2640 88.01 5538 2D-TAN A0 4451 2654 77.13 61.96
MS2D- teawz2 4110 2325 8153 4855 O CVRZ 4151 2307 - -
o 1593 2837 8912 5719 DRN CwPR21 4545 2436 77.97 50.30
urs : ' ' : CPN  CVPR2I 4510 28.10 2 2
MSA CvPR21 4802 31.78 78.02 63.18
LPNet EMNLP21  54.33 34.03 - - )
LGl VPR 5046 35.48 } R LPNet EMNLP21 4592 25.39 - -
CPN CVPR21 59.77 36.67 = = HiSA TIP22 4536 27.68 - -
DTG  Tosvr22  60.19 39.38 87.53 6691 1aci ovuz 4550 2723 . .
HiSA TIP22 61.10 39.70 - - MS-2D-
TG oWz 6027 3874 . . VS awiz 4616 29.21 78.80 60.85
MSZD vz 60.08 37.39 89.06 59.17 S| Newo2z 4623 2004 7843 6346
Ours 63.09 4246 9262 67.65 Ours 48.47 3115 81.37 64.44
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» Qualitative Results
Sentence Query: She jumps and flips herself around and ends by jumping down with her arms up.
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